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! Population-Based Metaheuristics

2 Evolutionary Computation

3 Evolutionary Algorithms

4 Evolution Strategies

3 Estimation of Distribution Algorithm
¢ Differential Evolution

7 Coevolutionary Algorithms
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! Selection

2 Crossover

3 Mutation

4 Fitness Function

5 Tournament Selection

¢ Ranking Selection

7 Roulette-Wheel Selection
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I Evolution Strategies

2 Rechenberg & Schwefel
3 Two-Membered ES

4 Hansen

5 Differential Evolution

6 Storn

7K. Price
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! Agent

2 Swarm Intelligence

3 Ant Colony Optimization

4 Particle Swarm Optimization

3 Artificial Bee Colony Algorithm
¢ Ant Colony Optimization

7 Dorigo
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! Particle Swarm Optimization
2 particles



